Background--Mechanisms related to the influence of diet on the development of cardiovascular disease are not entirely understood, and protein biomarkers may help to understand these pathways. Studies of biomarkers identified with multiplex proteomic methods and dietary patterns are largely lacking.
T he role of diet in the prevention of cardiovascular disease (CVD) is indisputable, and unhealthy dietary components, including low consumption of vegetables and whole grains, are important risk factors for the total global burden of disease. 1 Healthy dietary patterns emphasized in CVD prevention, including the recommendations of the American Heart Association, 2 are also characterized by a high consumption of fruits, nuts, cereals, fish, low-fat fermented dairy products, and vegetable oils, as opposed to a low consumption of unhealthy foods, such as meats and foods high in saturated fat and sugars. 3, 4 A recent study reported that suboptimal intakes of dietary components were responsible for 45% of the estimated total cardiometabolic deaths in the United States in 2012, 5 although disease pathway mechanisms are not thoroughly understood. Hence, we need to identify new biomarkers to improve the understanding of the mechanisms underlying the association between dietary intake and CVD development. Novel proteomic technologies have made it possible to measure a large number of protein biomarkers simultaneously. In nutritional research, this may translate into identifying pathways that could be modified by diet and relevant for the study of diet-disease relationships. 6 Nutritional epidemiological studies that use protein biomarkers are largely lacking. Early detection at the nonsymptomatic stages of CVD is the key to providing a better outcome for the preventive interventions. Detailed understanding through using modern omics techniques may be important for formulation and adherence to dietary guidelines. 7, 8 There are several suggested mechanisms through which a healthy diet may reduce the risk of CVD (eg, through pathways of oxidative stress, inflammation, and immune dysfunction). [9] [10] [11] Furthermore, a recent study reported that the benefit of a Mediterranean diet on CVD risk reduction could mainly be explained through inflammatory biomarkers. 12 We aimed to investigate whether dietary patterns would associate with circulating levels of CVD protein biomarkers, measured through 2 proteomic panels (hereinafter referred to as CVD2 and CVD3) in the EpiHealth (EpiHealth study) and the SMCC (Swedish Mammography Cohort Clinical). Thereby, we aim to identify novel associations with protein biomarkers linked to the development of CVD.
Methods
This study is based on cross-sectional data from the EpiHealth and the SMCC. Our data contain information classified as sensitive according to the European Union's General Data Protection Regulation and are, therefore, not accessible through an open repository. Data are available to any researcher after ethical approval and approval from the steering committees of the Swedish Infrastructure for Medical Population-Based Life-Course and Environmental Research (http://simpler4health.se/) and EpiHealth (https://www. epihealth.se/)
EpiHealth: Discovery Cohort
The objectives of the EpiHealth have previously been described. 13 The assessment of diet, background, and lifestyle characteristics, including history of diabetes mellitus, myocardial infarction, and stroke, was done via web-based questionnaires that were completed 1 to 3 months before the clinical examination. The collection and analysis of data have been approved by the regional ethical review board at Uppsala University (Uppsala, Sweden). All participants gave their written consent to participate.
Study sample
The study sample was drawn on June 16, 2016 , from the core database. A total of 20 817 individuals had complete dietary information and were included in the analysis to generate the dietary patterns. The proteome analyses were conducted in a random subsample (n=2500) from the Uppsala part of the EpiHealth. Valid proteomic data were obtained from 2360 and 2467 individuals using the Olink Multiplex CVD2 and CVD3 assay panels, respectively. When the 2 proteomic data files were combined with the questionnaire data, the sample comprised 2281 individuals with complete data on diet and protein biomarkers. After exclusion of individuals with missing data on covariates, the final analysis data set consisted of 2240 individuals (1124 men and 1116 women).
Dietary assessment and food groupings
Diet was assessed in a food frequency questionnaire called MiniMealQ, including 75 to 126 common Swedish foods, dishes, and beverages, covering diet during the past few months. 14 The dietary items were reported using 8 or 5
predefined frequency levels, depending on the food. The 8-level frequency scale ranged from 1 to 2 times per week to ≥5 times per day for intake of bread and dairy products. The 5-level frequency scale ranged from 1 to 3 times per month to >7 times per week and collected information on intake of fruits, vegetables, bakery products, and different dishes. Information about alcohol consumption was collected using a 6-level ordinal scale, ranging from never to ≥4 times per week. All frequencies were transformed into consumption frequencies per day. Altogether, 35 food groups, based on
Clinical Perspective
What Is New?
• We studied cross-sectional associations between principal component derived dietary patterns and cardiovascularspecific protein biomarkers in 2 independent cohorts. • We were able to discover and replicate independent associations between healthy and Western-type dietary patterns and 21 protein biomarkers.
• The identified proteins have different roles in pathways related to inflammation, endothelial and immune function, cell adhesion, and metabolism.
What Are the Clinical Implications?
• Early detection at the nonsymptomatic stages of cardiovascular disease is the key to providing a better outcome for the preventive interventions.
• The identification of the proteins associated with dietary patterns in the present study may help to understand the mechanisms related to diet and development of cardiovascular disease.
similarities in nutrients and culinary use, were formed from the frequencies per day.
Covariate information
Level of education was collected with 6 different categories that were transformed into a 4-level variable (≤9 years, 10-12 years, >12 years, and other). Information on smoking habits was collected using several questions that were combined under a categorical variable coded as present, former, and never smoker. Information on physical activity at leisure time during the past few months was collected using a 5-grade scale (ranging from low to high/strenuous). At the clinical examination, body fat percentage was measured using bioimpedance (Tanita, Tokyo, Japan). Height and weight were measured, and the body mass index (BMI; kg/m 2 ) was derived. On the basis of the BMI, participants were categorized into normal weight (≤24.9 kg/m 2 ), overweight (25-29.9
kg/m 2 ), and obese (≥30.0 kg/m 2 ). Blood pressure was recorded twice in the sitting position by an automatic device (Omron, Kyoto, Japan).
The SMCC: Replication Cohort
Study sample
SMCC is a clinical subcohort of the SMC and is part of the national research infrastructure of the Swedish Infrastructure for Medical Population-Based Life-Course and Environmental Research. Between November 2003 and October 2009, a random sample of individuals living in the city of Uppsala were invited to undergo dual-energy X-ray absorptiometry (Lunar Prodigy; Lunar Corp, Madison, WI) measurements between 1 and 3 months after the questionnaire was completed. Participants also provided blood and urine samples, and height and weight measurements were taken. Blood pressure was also measured in a subsample (n=2235). The participants arrived in 5 phases, and information on diet and lifestyle factors was collected in 3 similar questionnaires. The participation rate was 65%, and the subcohort consisted of 5022 women. The present study sample contains 4560 individuals after the following exclusions: 16 individuals lacked questionnaire information; 39 individuals had energy intakes that were deemed as implausible (AE3 SDs from the mean value of the ln-transformed energy intake); and 134 individuals had missing information on ≥10 food groups. 15 Protein analyses were performed in 5012 SMCC participants, and valid proteomic data were obtained from 4882 and 5004 individuals from the CVD2 and CVD3 assay panels, respectively. When the 2 proteomic data sets were merged with the dietary data, the combined study sample size was 4561 individuals. One individual was excluded because of being the only one having "other" as the educational level. The study was approved by the regional ethical review boards at Uppsala University and Karolinska Institutet (Stockholm, Sweden).
Dietary assessment and food groupings
Diet was assessed using food frequency questionnaires, which included %100 food items. Participants indicated how often, on average, they had consumed each food item during the past year and chose from 8 predefined frequency categories, ranging from "never/seldom" to "≥3 times per day." Frequently consumed foods, such as dairy products and bread, were additionally reported as number of servings per day. Energy and nutrient intakes were estimated by multiplying the consumption frequency of each food item with the energy content of age-specific portion sizes. Energy and nutrient values were obtained from the Swedish food composition database at the National Food Agency. Nutrient intakes were adjusted for total energy intake using the residual method. 16 The consumption frequency per day of the different food items was collapsed into 33 food groups, based on the similarities in nutrients and culinary use and to match the food grouping in EpiHealth. The 3 food frequency questionnaires were similar but contained slightly different numbers of food items, but they were harmonized into the same number of food groups.
Covariate information
Covariate information obtained from the questionnaires included educational level (≤9, 10-12, or >12 years), cohabiting status, use of postmenopausal estrogen therapy, smoking habits, body weight and height, and leisure time physical activity during the past year, with 5 predefined levels, ranging from 1 h/wk to >5 h/wk. BMI (kg/m 2 ) was categorized as in the EpiHealth. International Classification of Diseases, Eighth Revision, Ninth Revision, and Tenth Revision (ICD-8, ICD-9, and ICD-10, respectively), diagnosis codes were obtained from the Swedish National Patient Registry, were used to calculate the Charlson Comorbidity Index, 17 and were used to derive history of diabetes mellitus, acute myocardial infarction, and stroke. The fat mass was approximated as total body fat percentage from the dual-energy X-ray absorptiometry measurements. The clinical biomarkers included as covariates were alanine aminotransferase, which is an approximate liver function test; cystatin C, as a proxy for kidney function; CRP (C-reactive protein), as a marker for inflammation; and total vitamin D (25-OH vitamin D).
Proteomic profiling in both cohorts
Blood samples were drawn at the clinical examination, from the antecubital vein in a supine position, after a minimum of 6 hours of fasting in the EpiHealth and after overnight fasting in the SMCC; thereafter, the blood samples were cool centrifuged and subsequently frozen at À80°C until analysis. Analysis of 184 protein biomarkers was done using 2 high-throughput, multiplex, immunoassays: the Olink Proseek Multiplex CVD 2 and 3 (Olink Bioscience, Uppsala, Sweden). All protein names and abbreviations are found in Table S1 . Each panel enables simultaneous analysis of 92 protein biomarkers across 90 samples and 6 controls. The analyses were performed at SciLifeLab, Uppsala University. Each assay uses a proximity extension assay (PEA) technology, in which 92 oligonucleotide-labeled antibody probe pairs are allowed to bind to their respective target present in the sample. PEA uses pairs of antibodies equipped with DNA reporter molecules, producing DNA amplicons, which are subsequently quantified using a Fluidigm BioMark HD real-time polymerase chain reaction platform. The method has acceptable reproducibility and repeatability, with mean intra-assay and interassay coefficients of variation of %8% and 12%, respectively. 18 Because only correctly matched antibody pairs produce a signal, the PEA technique has an accuracy advantage over conventional multiplex immunoassays. The polymerase chain reaction platform provides normalized protein expression values on a log2 scale. Protein values below the limit of detection were imputed as limit of detection/2. Protein values were standardized to a distribution, with a mean of 0 and an SD of 1. According to the manufacturer's recommendation, biomarkers with >15% and 25% of the samples below limit of detection in the EpiHealth and SMCC, respectively (Table S2) , were excluded.
Statistical analysis

Dietary pattern development
Dietary patterns were computed through principal component analysis (PCA) using the consumption frequency per day of 35 and 33 food groups of the entire EpiHealth sample (n=20 817) and SMCC (n=4650), respectively. The number of food groups that overlapped between the 2 cohorts was 31. We tested the suitability of the data for PCA with the Kaiser-Meyer-Olkin measure of sampling adequacy and the Bartlett's test of sphericity. The Kaiser-Meyer-Olkin value was 0.75 in the EpiHealth and 0.71 in the SMCC, and Bartlett's test of sphericity was statistically significant (P<0.001) in both cohorts, thus indicating suitability. The PCA components were retained on the basis of the Scree plot ( Figure S1 ), eigenvalues (>1.5), and interpretability of the components. The retained components were varimax rotated to become orthogonal (uncorrelated factors). The dietary patterns were interpreted and named on the basis of the component's loadings, and each participant was assigned a score for each dietary pattern. The dietary scores were standardized (mean=0, and SD=1) to be comparable and used in multivariable linear regression analysis with every protein biomarker as the dependent variable (mean=0, and SD=1).
Discovery and replication of dietary pattern-protein biomarker associations
In EpiHealth, the discovery analysis was performed to test the association between the dietary patterns and the protein biomarkers using multivariable linear regression analysis. The analyses were adjusted for age (continuous), leisure time physical activity (categorical), educational attainment (categorical), smoking status (never, former, or current), and sex. This minimally adjusted model allows for associations between diet and protein biomarkers, mediated through body fatness, to be retained for further testing in the replication cohort. To account for multiple testing, a corrected P value was estimated using the 5% false discovery rate, according to Benjamini and Hochberg using the multproc command in Stata. 19 This was done for each dietary pattern separately. Because of the strong correlation between many of the assessed protein biomarkers, we chose this procedure rather than the more conservative Bonferroni method, which assumes independent tests. All the dietary pattern-protein associations discovered in EpiHealth were replicated in the SMCC using a nominal P value of 0.05. Applying a nominal P value in the replication phase has been shown to be conservative enough, and the risk of falsepositive findings in the replication stage (validation false discovery rate) was calculated to be low, ≤0.1% for each dietary pattern. 20 
Results
Dietary Patterns
In the EpiHealth study, 4 dietary patterns, explaining 27% of the variance of the dietary data, were identified ( Table 1 ). The healthy pattern was characterized by high loadings of typically healthy food items, such as vegetables and fruits, fish, and nuts/seeds. The dairy and sandwich pattern was characterized by high loadings from hot and cold cereals, fiber-rich breads, meats, nuts and seeds, cheese, egg, milk, and fermented milk. The Western/traditional pattern loaded high on unhealthy food items, such as fast foods, white bread, sweets, sodas, and cordials. The fast food and alcohol pattern was characterized by fried potatoes, fast food, coffee, eggs, poultry, savory snacks, high-fat dairy products, and alcoholic beverages. In the SMCC, 3 dietary patterns were identified (Table 1) , explaining 21% of the variance of the dietary data. The Western/traditional pattern and the healthy pattern in the SMCC had several similar characteristics as in the EpiHealth. The light meal pattern loaded high in cereals, crisp breads, milk and fermented milk, coffee, pancakes and waffles, sugar, honey, and marmalades as well as sweet bakery products, and also was considered an unhealthy pattern. There were overlaps between the Western/traditional pattern in EpiHealth with both the Western/traditional pattern and the light meal pattern in the SMCC.
Background Characteristics
In Table 2 , background characteristics of participants in both the EpiHealth and the SMCC are presented, stratified according to the tertiles of their respective healthy pattern. Clinical and dietary characteristics did not differ much between the tertiles of the healthy dietary patterns. The number of participants with a history of diabetes mellitus, myocardial infarction, or stroke was low, and the lowest numbers were found in the highest tertiles of the healthy dietary pattern. Healthy food items, such as vegetables and fruits as well as fish, were more frequently consumed; and participants tended to be leaner, to have a higher physical activity level, and to have a higher educational level, and they were less often current smokers in the highest tertiles of the healthy dietary patterns. Energy intake levels were the greatest in the highest tertiles of the healthy patterns. The participants were younger in EpiHealth (mean age, 61 years; and SD, 8.4 years) than in the SMCC (mean age, 67 years; and SD, 6.7 years). More women than men were classified in the highest tertiles of the healthy pattern in the EpiHealth.
Discovery and Replication of Dietary Pattern-Protein Biomarker Associations
In the discovery phase of the study, 57 different proteins (Table S3) were associated with any of the dietary patterns in EpiHealth, using the false discovery rate correction for multiple tests. The healthy pattern was associated with 5 proteins, the dairy and sandwich pattern did not associate with any proteins, and the Western/traditional and the fast food and alcohol patterns associated with 44 and 10 proteins, respectively. Two of the proteins were associated with two dietary patterns: SLAM family member 5 (CD84) and insulin-like growth factor-binding protein 1. In total, 41 dietary pattern-proteins associations were replicated in the SMCC, with b estimates in the range from À0.057 to 0.083 (P between 5.0910 À2 and 1.4910 À9 ; Table S4 and Figure 1 ). All five healthy pattern-protein associations discovered in EpiHealth were replicated in the SMCC (spondin-2, follistatin, SLAM family member 5, matrix metalloproteinase-7, and paraoxonase 3). Of the 44 Western/traditional pattern-protein associations discovered in EpiHealth, 36 were replicated in the SMCC. Only 4 of the fast food and alcohol pattern-protein associations discovered in the EpiHealth cohort were replicated in the SMCC (brother of CDO, V-set and immunoglobulin domain-containing protein 2, contactin-1, and insulin-like growth factor-binding protein 1). In the multivariable linear regression analysis after the initial replication (model 1), 21 dietary pattern-protein associations remained in the SMCC, even after all the potential confounder adjustments (models 2-6), as shown in Table 3 . Of the replicated associations, 5 were observed with the Western/traditional pattern, 7 with the healthy pattern, and 11 with the light meal pattern. Two proteins associated with the dietary patterns, myeloperoxidase and resistin, were replicated in association with the healthy and the light meal pattern in opposite directions. The sensitivity analyses confirmed that the associations between the dietary patterns and the 21 replicated proteins were Table 2 . (8) 60 (9) 60 (9) 63 (8) 61 (9) 61 (8) 68 ( (3) 27 (3) 26 (3) 27 (4) 26 (4) 26 (4) 26 (4) 26 (4) 25 (4) Body fat percentage, % 26 (5) 25 (5) 24 (5) 37 (7) 36 (6) 35 (6) 39 (7) 38 (7) 36 ( (18) 59 (17) 60 ( (17) 136 (16) 137 (19) 136 (18) 134 (18) 131 (19) 134 (19) 133 (19) 133 (19) Diastolic blood pressure, mm Hg 85 (10) 85 (9) 85 (10) 83 (9) 83 (9) 81 (9) 77 (9) 78 (9) 78 (9) History of diabetes mellitus, %* 1955 (548) 2281 (725) 1356 (509) 1579 (519) 1824 (587) 1487 (380) 1733 (380) 2171 (479) Fiber, g/d 20 (5) 21 (5) 23 (6) 17 (5) 19 (5) 21 (5) 19 (6) 25 (6) 35 (10) PUFA, g/d
11 (3) 12 (3) 13 (3) 10 (2) 11 (3) 12 (3) 7 (2) 9 (2) 11 (4) Data are given as mean (SD Figure 2 . The correlation matrix of the validated proteins is depicted in Figure S2 . SPON2  FS  CD84  MMP7  PON3  PlGF  IL6  TRAIL−R2  IL27  RAGE  PAPPA  TM  XCL1  CEACAM8  PSGL1  LPL  hOSCAR  LEP  TNFRSF14  ITGB2  IL2RA  ALCAM  MEPE  LTBR  Notch3  CDH5  TLT2  STR  AZU1  MPO  RETN  IGFBP1  EpCAM  AXL  IL1RT1  MB  PRTN3  UPAR  OPN  PGLYRP1  CPA1  Gal4  EGFR  CD93  IL18BP  COL1A1  TNFR1  IGFBP2  ProteinBOC  SCF  VSIG2  DCN  PDL2  CD163  Gal3  CNTN1  KLK6 −. Adjusted β coefficient (95% CI) per 1SD increase in biomarker concentration . The discovery analysis in the EpiHealth was adjusted for age, physical activity, educational level, smoking status, and sex. The replication analysis in the SMCC was adjusted for age, physical activity, educational level, smoking status, chip number, and phase. In panel 1, b estimates are depicted with -○-for the healthy pattern, -■-for the Western/traditional pattern, and -▲-for the fast food and alcohol pattern. The complete name of the abbreviated proteins in this figure are found in Table S1 .
Discussion Principal Findings
By using well-powered data from 2 population-based cohort studies in Sweden, we provide compelling evidence of associations between the actual dietary patterns and 21 CVD-related protein biomarkers. Two of the protein biomarkers, myeloperoxidase 21 and resistin, 22 were inversely associated with the healthy pattern but positively associated with the light meal pattern (unhealthy diet), indicating contrary effects of respective dietary pattern. Although the association between dietary patterns and every individual protein biomarker was not statistically strong, the sum of its actions may have clinical impact in the long-term development of CVD. The reported associations between dietary patterns and protein biomarkers were independent of markers of adiposity and age as well as other risk factors for CVD, implying novel discovery of pathways. The history of CVD and diabetes mellitus was low in both cohorts, and these diseases were taken into account in the analysis by the inclusion of the Charlson Comorbidity Index. The biomarker proteins in the CVD2 and CVD3 panels were chosen because of their previous reported association with CVD. The 21 replicated Table S1 .
proteins were correlated to a varying degree ( Figure S2 ), which may indicate activation of common underlying pathways. In the EpiHealth discovery analysis, the dairy and sandwich pattern did not associate with any protein, which may indicate that this pattern is related to noncardiovascular or no disease processes.
Pathways and Associations With CVD
The identified proteins have been reported to have different roles in the development of CVD through pathways related to, for example, inflammation, oxidative stress, endothelial and immune responses, cell adhesion, and metabolism. Information about the functions and biological processes of the 21 protein biomarkers is described in Table S5 . Furthermore, several of the protein biomarkers that were associated with the dietary patterns have previously been associated with cardiometabolic disease outcomes, thus suggesting a causal link between dietary patterns in a population and disease, as discussed below. Both myeloperoxidase and resistin have been reported to be associated with CVD development in different population settings.
22-24
The healthy pattern was inversely associated with spondin-2, FS (Follistatin), matrix metalloproteinase-7, and TRAIL-R2 (TNF-related apoptosis inducing ligand receptor 2) protein biomarkers. These healthy pattern associated proteins have been shown to have a role in the inflammatory response. For example, matrix metalloproteinase-7 is part of the cascade reactions after atherosclerotic tissue destruction, is upregulated during inflammation, and has previously been associated with incident CVD.
25 TRAIL-R2 was an independent predictor of long-term all-cause mortality in patients with acute myocardial infarction. 26 The healthy pattern also was positively associated with paraoxonase 3. Paraoxonase 3 is 1 of 3 paraoxonases, and their role has been implicated in the atherosclerotic process, reduction in atherogenesis, and adiposity in animal models 27 as well as development of type 2 diabetes mellitus in humans. 28 The Western/traditional pattern was inversely associated with concentrations of Gal-4 (Galectin-4), brother of CDO, Vset and immunoglobulin domain-containing protein 2, contactin-1, and insulin-like growth factor-binding protein 1. These dietary pattern associated proteins are involved in pathways of inflammation, cell adhesion, and metabolic processes. Altered expression of Gal-4, among 4 other proteins from the CVD3 panel, was associated with later development of aortic valve stenosis 29 Figure 2 . The b estimates and corresponding 95% CIs from the discovery analysis stratified on sex in the EpiHealth (EpiHealth study). The complete name of the abbreviated proteins in this figure are found in Table S1 .
positively with the incidence of heart failure as well as allcause and CVD mortality. The plasma proteins included in the previous study had little overlap with the proteins in the present study.
Strengths and Limitations
The strengths of the study include the study size and careful characterization of study participants in both the EpiHealth and SMCC. Furthermore, proteins were measured in a multiplex proteomic assay using a PEA technique, which is both specific and sensitive and requires a low sample volume. 18 Although we adjusted for important covariates, including education, physical activity, smoking, and comorbidities, including CVD, as well as other covariates, there may be an influence of residual or unmeasured confounding. In EpiHealth, the proportion of participants with a university degree was high, which may theoretically have skewed the overall dietary patterns. However, we were able to identify similar dietary patterns in the SMCC too. In fact, the healthy pattern in the SMCC was correlated with the healthy patterns identified in SMC, 10 to 20 years earlier, including the baseline 1987 data (r=0.41) as well as the 1997 data (r=0.51), 15 implying long-term stability of the broader dietary pattern among these women. Furthermore, dietary patterns identified herein shared characteristics with patterns identified in other population-based cohorts in Sweden. It would have been ideal to have generated the dietary patterns in a combined data set of the 2 cohorts. However, because the dietary assessment method differs substantially between the 2 cohorts, this was not deemed suitable. Nonetheless, the diet data were collected using valid methods both in EpiHealth 49 and the SMCC. The cross-sectional nature of the study is a limitation. However, the results add to the growing body of omics studies aiming to establish biomarkers, this time on a functional scale, which is relevant in the pathophysiological features of CVD and pathways activated by dietary components. Dietary exposure is difficult to measure, which is connected to random and systematic measurement errors in the diet report; however, random errors are reduced by incremental study sizes. Systematic error in the diet report probably influences all the dietary patterns in the present study and most unlikely influences interpretation of the overall results. Both men and women were included in the discovery analysis, but the replication analysis was done only in women, which could be viewed as a drawback because men were not included in the replication; however, having a replication cohort is a major strength of the study design. The sensitivity analysis confirmed similar associations between dietary patterns and proteins in both men and women in the EpiHealth study.
Conclusions
We have discovered and replicated independent associations between a posteriori dietary patterns and 21 CVD protein biomarkers involved in inflammation, oxidative stress, endothelial function and immune responses, cell adhesion, and metabolism. The results of the present study should be confirmed in other settings. Table S2 . Protein biomarkers excluded in quality control in the CVD2 and CVD3 panels are shown. Proteins were excluded if more than 15 % of the samples were below the limit of detection (LOD) in EpiHealth or more than 25 % of samples below LOD in SMCC. SMCC  CVD2  CVD 3  CVD2  CVD 3  BNP  NT-ProBNP  ITGB1BP2  AZU1  CA5A  CA5A  PI3  SLAMF7 BNP KLK6 IgGFcreceptorIIb IL4RA EPHB4 P A R P 1 P S P D PAPPA MMP9 P R T N 3 SPON1 CCL22 SMCC Swedish Mammography Cohort Clinical. Abbreviations of proteins are explained in Table S1 . 
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